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Mapping 1,000+ Language Models via the Log-Likelihood Vector
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Oyama, Yamagiwa, Takase, Shimodaira (arXiv:2502.16173) Mapping 1,000+ Language Models via the Log-Likelihood Vector
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Yamagiwa, Oyama, Shimodaira (EMNLP 2023) Discovering Universal Geometry in Embeddings with ICA
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Oyama, Yokoi, Shimodaira (EMNLP 2023) Norm of Word Embedding Encodes Information Gain
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Yamagiwa et al. (2024): Predicting Drug-Gene Relations via Analogy Tasks with Word Embeddings (arXiv:2406.00984)
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Kishino, Yamagiwa, Nagata, Yokoi, Shimodaira (arXiv:2412.12569) Quantifying Lexical Semantic Shift via Unbalanced Optimal Transport
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